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Training Conditional Random Fields using Partial and Ambiguous Structured Labels
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We address corpus building situations which we only annotate important part of given
data, or which we cannot resolve label ambiguities with reference to the linguistic context.
We proposed a parameter estimation method for Conditional Random Fields (CRF's) using
the partial and ambiguous annotations of structured data. We show the promising results of
our method applied to the domain adaptation task of Japanese word segmentation and Part
of Speech tagging task using the ambiguous tags in Penn Treebank Corpus.
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